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[ Abstract]

This study presents an intelligent system for patient education based on large language model (LLMs) and multi—

agent collaboration, achieving end—to—end process management through five specialized agents (Ask Agent, Assessment Agen, Advice

Agent, Arrangement Agent, and Assistance Agent). The system not only improves treatment efficiency, but also provides more precise

personalized treatment plans for complex cases, demonstrating significant value in enhancing patient education quality.
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